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Abstract
Patients often experience long journeys within the healthcare system before obtaining a diagnosis. Though progress 
has been made in measuring the quality of diagnosis, existing measures largely fail to capture the diagnostic process 
from the patient’s perspective. McDonald and colleagues’ paper presents 7 overarching goals for the use of patient-
reported measures (PRMs) in diagnostic excellence and presents visual roadmaps to guide the development, 
implementation, and evaluation of these measures. To accelerate the real-world use of PRMs, organizations should 
initially prioritize the use of patient-reported metrics that are already in development, such as patient-reported 
experience measures. Pairing PRMs with artificial intelligence (AI) techniques, such as “diagnostic wayfinding”  (a 
dynamic diagnostic refinement process that also includes analysis of electronic health record data and metadata to 
characterize the diagnostic journey), should also improve diagnostic performance. Ultimately, combining PRMs 
with technological advancements holds the potential to achieve true co-production of diagnostic excellence.
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When a patient develops a new health problem, 
the road to obtaining a diagnosis can be winding 
and unpredictable. Some progress has been made 

in measuring the quality of diagnosis, yet existing measures 
largely focus on measuring quality for specific diseases 
or within the context of a single clinical encounter. As an 
example, of the 17 diagnosis-related measures currently under 
consideration by the US Agency for Healthcare Research 
and Quality’s Quality Indicators Program, 16 are disease-
specific metrics.1 While necessary, these measures may fail 
to capture the complexity of patients’ diagnostic odysseys, 
as they inherently measure diagnosis from the clinician’s 
perspective. To truly understand the impact of missed or 
delayed diagnoses on patients, it is necessary to understand 
the diagnostic process as experienced by patients themselves.2

In this issue of the International Journal of Health Policy 
and Management, McDonald et al3 present 7 exemplar 
goals for patient-reported measures (PRMs) in diagnostic 
excellence and propose visual roadmaps as templates to 
guide the development, endorsement, implementation, 
evaluation, and real-world use of such measures. The goals 
seek to improve diagnosis from the patient perspective by 
establishing a safety net of diagnostic continuity, developing 
alert systems when patients are at risk of misdiagnosis, 
establishing organizational quality improvement, supporting 

diagnostic excellence research, evaluating routine screening, 
identifying and understanding geographic and demographic 
diagnostic disparities, and enabling patient storytelling 
of the diagnostic experience. By using an equity-focused 
human-centered design approach with active engagement 
of patients throughout the process, the authors ensure that 
the goals and roadmaps reflect the needs of patients most 
affected by inadequacies in the current diagnostic process. 
Equity is considered a cross-cutting principle applicable to 
each of the goals and roadmaps; within each roadmap, the 
authors provide information on facilitators and challenges to 
achieving each goal. 

McDonald and colleagues’ paper is an important step 
toward the goal of promoting patients as co-producers in 
diagnosis because it stitches together individual elements of 
patient reporting into an overall framework. In contrast to 
the traditional role of clinicians as diagnosticians, there is 
increasing recognition that patients have a crucial role to play 
in the diagnostic process – both as partners in establishing 
a diagnosis and ultimately assessing the diagnostic process. 
It will be impossible to achieve equity in diagnosis until 
diagnostic excellence is co-defined by patients and not just 
clinicians. Yet, as McDonald acknowledges, progress toward 
this goal will be measured in years or even decades – the time 
it will take to advance each PRM goal from development to 
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implementation and practice change. How can this process 
be accelerated?

In part, advancing PRMs into diagnosis can be accelerated 
by identifying those PRMs that are already in process and can 
enter the roadmap frameworks mid-stream. These include, for 
example, patient-reported outcomes and associated measures, 
and patient-reported experiences and associated measures.4,5 
These can then be used to understand the diagnostic process 
itself. However, even when valid and reliable patient-reported 
outcome measures and patient-reported experience measures 
exist, a general lifecycle framework from development to 
implementation may not serve all health systems equally.6 
Specifically, the challenges described in McDonald’s roadmap 
templates hint at the substantial system-level, service-
level, and individual-level barriers to implementing PRMs, 
including, for example, organizational inertia, data collection 
burden, and health literacy and other social risk factors. 

Another means to potentially accelerate the process is 
the use of emerging generative artificial intelligence (AI). 
Although the explosion of this technology came about after 
the Expert Convening described in the paper, the opportunity 
for reciprocal benefit—AI accelerating collection and analysis 
of patient reporting, and patient reporting informing and 
humanizing AI—is not lost upon the authors. AI is now 
being widely used in the diagnostic process, particularly for 
specific diagnostic applications such as image analysis in 
radiology, pathology, ophthalmology, and dermatology.7 In 
addition, large language models (LLMs) such as ChatGPT 
have shown the ability to diagnose complex clinical scenarios, 
potentially serving as a decision support aid for clinicians.8-10 
Patients are using LLMs as diagnostic aids as well. However, 
it is too early to know whether the risks previously known 
to be associated with self-diagnosis using online search 
engines11,12 will necessarily translate to self-diagnosis with 
LLMs,13 nor is it known how patient use of LLMs might be 
incorporated into the roadmapping approach described by 
McDonald et al. However, with the widespread adoption of 
“AI scribes” and related innovations, it is likely that some form 
of AI will be used in an ever-increasing proportion of clinical 
encounters. Achieving co-production of diagnostic excellence 
will therefore require integrating AI-based care innovations 
in roadmaps for implementation of PRMs. 

How could this be operationalized in practice? “Diagnostic 
wayfinding” offers an example of how advances in electronic 
health records and AI can be paired with PRMs to achieve 
co-production of diagnostic excellence.14 When a patient 
develops a new symptom, there is often a period of diagnostic 
uncertainty during which clinicians refine their diagnostic 
thinking and patients undergo diagnostic testing. At each 
step, new diagnostic information is acquired and integrated 
into diagnostic reasoning. While this process can take place 
in a single clinical encounter, patients may see multiple 
clinicians and undergo repeated rounds of diagnostic 
testing before a diagnosis is confirmed. In settings such as 
the United States, where the healthcare system is byzantine, 
this poses a considerable burden for patients and caregivers, 
especially for those who face barriers that limit their ability 
to engage with the healthcare system or must seek care in 

settings designed for rapid triage and stabilization rather than 
longitudinal care. As a result, many patients – especially those 
with rare or yet unnamed diseases, patients from historically 
marginalized populations, and patients with classically 
difficult-to-diagnose conditions – experience unacceptably 
long diagnostic odysseys. Diagnostic wayfinding seeks 
to support both patients and clinicians throughout the 
diagnostic journey by leveraging electronic health record data 
to characterize clinician and patient behavior throughout the 
diagnostic process—in essence, using “digital footprints” to 
interpret context and provide cues that guide the diagnostician. 

Digital diagnostic wayfinding can be paired with PRMs to 
improve diagnostic performance. For example, one goal of 
integrating PRMs into routine care is to develop real-time 
alerts when a patient is at risk of a diagnostic error. A PRM 
that indicates that the patient has not received an explanation 
for their health problem (such as via a patient survey) could 
be paired with diagnostic wayfinding data (such as natural 
language processing of patient portal messages or analysis of 
patterns of diagnostic testing) to alert the clinical team to the 
level of diagnostic uncertainty and the risk of diagnostic error. 
An AI tool could then interpret available data to provide 
context around the current diagnostic pathway and suggest 
guidance for additional diagnostic testing. By integrating 
information across time and setting, diagnostic wayfinding 
can also help identify patients who are only partially engaged 
with the health system—for example, patients who have 
multiple emergency department interactions for similar 
symptoms, or those who have been scheduled for but are 
unable to attend appointments or diagnostic testing. PRMs 
of health status can then be used to prioritize outreach and 
creative problem-solving to ensure such patients do not go 
undiagnosed. 

McDonald et al3 present an overarching framework for 
diagnostic excellence as a co-produced process between 
patients, caregivers, and clinicians. Leveraging existing 
validated PRMs and adding AI and wayfinding into this 
equation offer the potential to accelerate co-production by 
more fully characterizing patients’ diagnostic journeys and 
synthesizing diagnostic data from multiple sources to mitigate 
diagnostic errors. Amid the understandable excitement 
around the potential of AI to improve clinical care, it will be 
crucial to ensure that PRMs are at the center of how such tools 
are developed and integrated into clinical care.

Ethical issues
Not applicable.

Conflicts of interest
BIR and SRR receive grant support from the Gordon and Betty Moore Foundation 
for diagnostic excellence work. SRR receives grant support from the Agency for 
Healthcare Research and Quality for diagnostic excellence research projects.

Authors’ contributions 
Conceptualization: Sumant Ranji and Benjamin Rosner. 
Writing-original draft: Sumant Ranji and Benjamin Rosner. 
Writing-review & editing: Sumant Ranji and Benjamin Rosner.

Authors’ affiliations
1Division of Hospital Medicine, Department of Medicine, San Francisco General 
Hospital, San Francisco, CA, USA.  2Division of Clinical Informatics and 

https://sciwheel.com/work/citation?ids=16103991&pre=&suf=&sa=0&dbf=0
https://sciwheel.com/work/citation?ids=7939788&pre=&suf=&sa=0&dbf=0
https://sciwheel.com/work/citation?ids=12759921&pre=&suf=&sa=0&dbf=0


Ranji and Rosner

         International Journal of Health Policy and Management, 2025;14:8973 3

Digital Transformation, Department of Medicine, University of California San 
Francisco, San Francisco, CA, USA. 3Division of Hospital Medicine, Department 
of Medicine, University of California San Francisco, San Francisco, CA, USA.

References
1. Agency for Healthcare Research and Quality. AHRQ Quality Indicators. 

Table 1. Summary of measures under consideration by AHRQ Quality 
Indicators (QI) Program. 2024. https://qualityindicators.ahrq.gov/
Downloads/Resources/Diagnostic%20Excellence%20Measure%20
for%20RFI.pdf. Accessed December 29, 2024.

2. Epstein HM, Haskell H, Hemmelgarn C, et al. The Patient’s Role in 
Diagnostic Safety and Excellence: From Passive Reception towards 
Co-Design. Rockville, MD: Agency for Healthcare Research and Quality; 
2024. Report No.: AHRQ Publication No. 24-0010-8-EF. https://www.ahrq.
gov/diagnostic-safety/resources/issue-briefs/dxsafety-patient-role.html. 
Accessed December 26, 2024. 

3. McDonald KM, Gleason KT, Jajodia A, Haskell H, Dukhanin V. Achieving 
diagnostic excellence: roadmaps to develop and use patient-reported 
measures with an equity lens. Int J Health Policy Manag. 2024;13:8048. 
doi:10.34172/ijhpm.8048

4. Bull C, Byrnes J, Hettiarachchi R, Downes M. A systematic review of the 
validity and reliability of patient-reported experience measures. Health 
Serv Res. 2019;54(5):1023-1035. doi:10.1111/1475-6773.13187

5. Dukhanin V, Gamper MJ, Gleason KT, McDonald KM. Patient-reported 
outcome and experience domains for diagnostic excellence: a scoping 
review to inform future measure development. Qual Life Res. 2024; 
33(11):2883-2897. doi:10.1007/s11136-024-03709-w

6. Bull C, Teede H, Watson D, Callander EJ. Selecting and implementing 
patient-reported outcome and experience measures to assess health 
system performance. JAMA Health Forum. 2022;3(4):e220326. 
doi:10.1001/jamahealthforum.2022.0326

7. Kulkarni S, Seneviratne N, Baig MS, Khan AHA. Artificial intelligence in 
medicine: where are we now? Acad Radiol. 2020;27(1):62-70.

8. Goh E, Gallo R, Hom J, et al. Large language model influence on 
diagnostic reasoning: a randomized clinical trial. JAMA Netw Open. 2024; 
7(10):e2440969. doi:10.1001/jamanetworkopen.2024.40969

9. Shah-Mohammadi F, Finkelstein J. Accuracy Evaluation of GPT-Assisted 
Differential Diagnosis in Emergency Department. Diagnostics (Basel). 
2024;14(16):1779. doi:10.3390/diagnostics14161779 

10. Hoppe JM, Auer MK, Strüven A, Massberg S, Stremmel C. ChatGPT 
With GPT-4 outperforms emergency department physicians in diagnostic 
accuracy: retrospective analysis. J Med Internet Res. 2024;26:e56110. 
doi:10.2196/56110

11. Millenson ML, Baldwin JL, Zipperer L, Singh H. Beyond Dr. Google: the 
evidence on consumer-facing digital tools for diagnosis. Diagnosis (Berl). 
2018;5(3):95-105. doi:10.1515/dx-2018-0009

12. White RW, Horvitz E. Cyberchondria: Studies of the escalation of medical 
concerns in Web search. ACM Trans Inf Syst. 2009 ;27(4):1-37.

13. Barnard F, Van Sittert M, Rambhatla S. Self-diagnosis and large language 
models: a new front for medical misinformation. 2023. https://arxiv.org/
pdf/2307.04910. Accessed December 26, 2024.

14. Adler-Milstein J, Chen JH, Dhaliwal G. Next-generation artificial intelligence 
for diagnosis: from predicting diagnostic labels to “Wayfinding.” JAMA. 
2021;326(24):2467-2468. doi:10.1001/jama.2021.22396

https://qualityindicators.ahrq.gov/Downloads/Resources/Diagnostic Excellence Measure for RFI.pdf
https://qualityindicators.ahrq.gov/Downloads/Resources/Diagnostic Excellence Measure for RFI.pdf
https://qualityindicators.ahrq.gov/Downloads/Resources/Diagnostic Excellence Measure for RFI.pdf
https://www.ahrq.gov/diagnostic-safety/resources/issue-briefs/dxsafety-patient-role.html
https://www.ahrq.gov/diagnostic-safety/resources/issue-briefs/dxsafety-patient-role.html
https://doi.org/10.34172/ijhpm.8048
https://doi.org/10.1111/1475-6773.13187
https://doi.org/10.1007/s11136-024-03709-w
https://doi.org/10.1001/jamahealthforum.2022.0326
https://doi.org/10.1001/jamanetworkopen.2024.40969
https://doi.org/10.3390/diagnostics14161779
https://doi.org/10.2196/56110
https://doi.org/10.1515/dx-2018-0009
https://arxiv.org/pdf/2307.04910
https://arxiv.org/pdf/2307.04910
https://doi.org/10.1001/jama.2021.22396

