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Abstract

Background: The implications of competition among hospitals on care quality have been the subject of considerable
debate. On one hand, economic theory suggests that when prices are regulated, quality will be increased in competitive
markets. On the other hand, hospital mergers have been justified by the need to exploit cost advantages, and by evidence
that hospital volume and care quality are related.

Methods: Based on patient-level data from two years (2005 and 2012) we track changes in market competition and
treatment patterns in breast cancer surgery. We focus on technology adoption as a proxy of process quality and examine
the likelihood of offering two innovative surgical procedures: immediate breast reconstruction (IBR), after mastectomy
and sentinel lymph node biopsy (SLNB). We use an index of competition based on a multinomial logit model of hospital
choice which is not subject to endogeneity bias, and estimate its impact on the propensity to receive IBR and SLNB by
means of multilevel models taking into account both observable patient and hospital characteristics.

Results: The likelihood of receiving these procedures is significantly higher in hospitals located in more competitive
markets. Yet, hospital volume remains a significant indicator of quality, therefore benefits of competition appear to be
sensitive to the estimates of the impact of volume on care process. In France, the centralisation policy, with minimum
activity thresholds, have contributed to improving breast cancer treatment between 2005 and 2012.

Conclusion: Finding the right balance between costs and benefits of market competition versus concentration of hospital
care supply is complex. We find that close to monopolistic markets do not encourage innovation and quality in cancer
treatment, but highly competitive markets where many hospitals have very low activity volumes are also problematic
because hospital quality is positively linked to patient volume.
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Key Messages

Implications for policy makers

o Hospital volume was shown to be an excellent leverage to improve care quality in many domains, and minimum activity thresholds for providing
certain procedures is an effective tool for regulating care quality.

o But over-concentration of activity can generate harmful effects by creating monopolistic markets.

o Our results suggest that hospitals functioning in close to monopolistic markets are less willing to invest in novel procedures which improve
care quality.

o Alternative policies to centralisation by creating hospital networks where low-volume hospitals can benefit from the “know-how” of high-
volume centers should be considered.

Implications for the public

Similar patients diagnosed with early breast cancer can be treated differently depending on to which hospital they are admitted. This study looks
at the relationship between hospital characteristics and the procedures proposed for breast cancer surgery. The results show that the likelihood of
receiving novel procedures which are less invasive is higher in hospitals treating a high number of breast cancer patients and those specialized in
cancer care. This means that the closest hospital in the area may not provide the best treatment options and travelling a bit further can be worthwhile.
Our results also show that in monopolistic markets where there is no other choice for patients, hospitals are less prone to innovation.

Full list of authors’ affiliations is available at the end of the article.
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Introduction

The implications of competition in health, particularly among
hospitals, on care quality have been the subject of considerable
theoretical and empirical debate. On one hand, economic
theory suggests that when prices are regulated, firms compete
for consumers on non-price dimensions (ie, quality), hence
quality will be increased in competitive markets when prices
are set above marginal costs."? Many pro-market reforms
are justified in health sector by the need for competition for
assuring better functioning of providers. On the other hand,
hospital consolidation has been a continuous and broad
trend since 1990s, hence hospital markets are increasingly
concentrated.’ This global trend has been explained both
by pricing pressure and the need to exploit cost advantages
(economies of scale) acquired through mergers, and by
quality concerns recognising that hospital volume and care
quality are related. The markets for hospital services depart
substantially from the conditions of perfectly-competitive
markets, therefore consequences of market concentration
are particularly difficult to predict. Brekke et al suggest that
the relationship between competition and quality is generally
ambiguous and depends on hospital cost structure and the
degree of altruism of the providers.*

The empirical evidence is also ambiguous: several studies
mainly from the United States and the United Kingdom
suggest that hospitals in less concentrated markets have
higher inpatient quality,”® but others provide contradictory
finding.>*""! Mutter et al suggest that the effect of competition
may not be unidirectional: some quality measures show
improvements in hospital quality with higher levels of
competition, some do not."?

One issue which is often overlooked in the literature is
that hospitals are multiproduct firms and they may compete
for patients on specific lines of service (rather than for any
patient) in their market area. In France, public hospitals
have the obligation to provide a wide range of services but
they can specialise in some treatments more than others.
Private (for profit and non-profit) hospitals can specialise in
selected services and would compete for these. Therefore, the
competitive pressure that a hospital faces would be different
for singular services depending on the market structure
(competition) for these services. This means that measuring
competition by the volume of all services (sum of all products)
of neighbouring hospitals in a market may misrepresent the
actual competition a hospital faces for different services
(cancer, heart care, obstetric, etc).

Furthermore, the quality of care in a hospital may vary
largely for different services. In most of the empirical studies
looking into the impact of competition on quality, quality
is unobservable and proxied by outcome indicators such as
inpatient mortality (mostly for acute myocardial infarction),
or readmissions. There is limited theoretical literature on this.
For competition to work, patients should have the possibility
and time to choose their hospital, as well as the information
on quality. Gaynor et al"® propose a model in which hospitals
choose a level of quality as a whole and the competition in
the market for elective care can spill over and improve quality
for emergency patients. While this may be plausible, hospitals

can also choose different levels of quality for different services.
The correlation between different quality indicators within a
hospital appears to be low."*!* It is reasonable to assume that
the impact of competition on quality is product specific and
therefore, quality should be measured for specific services.

This study, using data for French hospitals, aims to extend
the existing literature on hospital competition and quality
in several ways. First, we measure hospital competition
for a specific service which is not much studied in the
literature: breast cancer surgery. Cancer surgery is elective,
and therefore patients can choose hospitals in advance
based on their reputation and/or quality measures. Breast
cancer surgery is also interesting because of the continuous
and rapid development in treatment options for women
diagnosed with early breast cancer. We calculate an index of
competition based on a multinomial logit model of hospital
choice which captures competitive environment for breast
cancer surgery but not subject to endogeneity bias. Second,
we measure quality by “care process” as the odds of receiving
two interventions which are considered as “appropriate/
better” practice. Adoption of new treatment options (better
quality) and the decision about the type of surgery for early
breast cancer could be sensitive to the market structure.
Third, we estimate the link between market concentration
and propensity to receive surgical treatments considered as
“better practice;” by means of multilevel models taking into
account both observable patient and hospital characteristics.
This approach differs from most of the empirical work that
studies the impact of competition on hospital quality using
aggregate outcome measures without forcibly controlling for
other hospital characteristics that may mediate its effect. To
conclude on the effect of competition on treatment quality,
additional assumptions are necessary.” We define quality
through (novel and less invasive) treatments at the patient
level controlling for patient and hospital characteristics.

In the next section, we first describe succinctly French
hospital market and recent reforms which are likely to impact
hospital competition. The following section presents the data
and indicators used for measuring quality and competition
and develops our modelling approach. Main results and the
sensitivity analysis extending these are presented in Results
section followed by the discussion.

Hospital Context in France
France has a universal public health insurance system. More
than 95% of the hospital expenditure is paid publicly, but
hospital care is provided by a wealth of providers both public,
private non-profit and private-for-profit. Patients can freely
choose between public and private providers without needing
a referral. Private hospitals contract with the public health
insurance fund and are reimbursed on the basis of regulated
prices as public hospitals. Almost half of breast cancer surgery
is performed in private for-profit hospitals, and 28% in public
hospitals. While prices are regulated at the national level, some
surgeons, both in public and private hospitals, are allowed to
extra-bill within limits.

Two major policy changes have impacted the degree of
hospital competition and market structure in the past decade.
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First a payment reform where all hospitals are paid by fixed
diagnosis related group (DRG)-based prices was introduced
in 2004/2005. The payment reform promotes yard-stick
or benchmarking competition between public and private
hospitals because hospital revenues are linked to patient
volume.'* Under DRG payment all of the hospitals face more
competitive pressure; in France, since the prices are fixed at
the national level, they are expected to compete on quality
and, the pressure may be stronger for those facing more
competitors in their local markets. But for competition to
work, the availability of public information on the quality of
hospitals is essential.'*'” In France, the introduction of DRG-
based payment enhanced the collection and public diffusion
of hospital quality indicators. While most indicators related to
structure and process there has been increasing emphasis on
collecting patient reported measures. Second, since 2008/2009,
minimum activity thresholds are used for regulating the
access to cancer market. This reduced the number of hospitals
providing cancer surgery in the market. Hospitals need
to treat a minimum number of cases in order to obtain the
authorisation to provide cancer surgery, chemotherapy and
radiotherapy. The surgical activity thresholds are specific
to cancer type. For breast cancer, hospitals need to have at
least 30 interventions per year to have the authorisation for
surgery. Both of these policies provided incentives for hospital
consolidation and reduced the level of competition in the
market. There are few French studies looking into the impact
of hospital competition. Gobillon and Milcent" showed
that spatial differences in the local concentration of patients
partly explain differences in mortality of heart attack patients,
using data from 1998-2003, before the introduction of the
DRG-based payment. Choné et al showed more recently that
public hospitals in more competitive markets have increased
their volumes more quickly under the DRG-based payment,
without looking at quality implications."”

Empirical Approach

Our objective is to test if hospitals in more competitive
markets provide better cancer treatment, controlling for other
hospital/patient characteristics which may mediate the impact
of competition. We also want to compare the situation in 2012
versus 2005, as the market structure has changed significantly
over this period.

Concentrating on patients who underwent breast cancer
surgery, we first construct a measure of market competition
(Herfindahl-Hirschmann index, HHI) based on estimated
patient flows that are derived from a choice model using
exogenous hospital/patient characteristics. We use the
predicted patient flows rather than actual flows in order to
avoid endogeneity of the index to care quality, discussed largely
in the literature.® Second, we estimate multilevel models of
determinants of patient treatments using this unbiased index
and other observable patient and hospital characteristics.

Hospital Competition

HHI is the most commonly used metric for describing the
market structure.®® It is defined as the sum of the squares
of the market shares of hospitals within a market area. It is

pointed out in the literature that measuring hospital market
share based on actual patient flows will be partly endogenous
to quality of care since actual patient flows themselves are
outcomes of the competitive process.” If hospitals with high
quality are better at capturing high market shares, they can
be seen as operating in a less competitive market area. To
confront this problem, we estimate a model of hospital choice
to compute a competition measure.

The analysis is based on the idea that hospital choice is a
model of discrete individual choice®®* where the multinomial
logit can be derived from a utility maximization model.
The estimated parameters of the multinomial logit can be
interpreted as parameters of an indirect utility function. We
specify an indirect utility function for breast cancer surgery
patients in France adapting the models proposed by Kessler
and McClellan® and Gowrisankaran and Town,’ in order
to account for exogenous factors (distance, size) but not
endogenous hospital variables. We estimate the following
specification of the patient utility function:

w;j = i dyj + Apclosest;; + Azbeds; + Acateg; 1)
+ Asclosest;; * income; + e;;

Where d_ is the distance between the centre of patients
residence area (zip code) and hospital’s zip code; beds, is the
number of beds in hospital j, closest, a dummy variable taking
the value 1 if the hospital is the closest one to the patient’s
residence and 0 otherwise, categ is an indicator variable
distinguishing between public hospitals (CH), regional
teaching hospitals (CHR), cancer centres (CLCC), private for
profit (PL) and private non-profit (PNL) hospitals,and income,
is the median income in patient’s residence area (postcode),
used as a proxy for patient’s socio-economic status. Finally
the error term, e, is independent identically distributed and
captures the unobservable attributes determining patient
choice.

Patients are free to choose any hospital and they are little
sensitive to price as most of the cost is covered by public and
complementary private insurances (although overbilling is
allowed in some cases). We control for income in the model
because patients may have out-of-pocket payments in private
hospitals, and distance (time cost) may not represent the same
thing for different income groups. The utility (or hospital
attractiveness) is a function of geographical distance which
corresponds to travel/time costs for patients. Patient choice
will depend also on hospital category, since they are different
in terms of their functioning and facilities offered. The model
is estimated using data for all patients who underwent breast
surgery, separately in 2005 and in 2012.

We use the parameters estimated from the model above
(equation 1), to calculate a hospital specific competition
measure. For the hospital choice set ], the estimated probability
that individual 7, will be admitted to hospital j can be estimated
as follows, under the assumption of logit model*:

5 _ exp (ﬁl]) (2)
Y Ykey exp (i)

Where P, is the estimated probability of being admitted
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to hospital j, and u, is the expected mean utility of being
admitted to hospital j, as estimated by the parameters of
the logit model. We calculated predicted probabilities of
admission for every patient to every hospital and predicted
the number of patients admitted to each hospital.

The traditional HHI is defined as the sum of the squares
of the market share of providers within a defined market. In
order to avoid potential endogeneity in actual patient flows
we compute HHI based on the theoretical patient flows by
using the predicted choice probabilities that are obtained the
equation 2.

HHI; = 2,52 ©)

Where (S ) is the market share based on predicted patient
flows. In order to calculate the index, we need to define
catchment areas or the market for each breast cancer hospital.
We used the fix radius method based on the median travel
distance for breast cancer surgery using actual patient flows
in 2005. Previous studies shown that the differences in
population density influence travel distances and that patients
travel further for their care in rural areas.”? Therefore, we used
different market radius for urban and rural hospitals. Using
the French classification of urban areas, we calculated five
radius distinguishing the level of urbanisation of the hospital
location.” We used the same fixed radius in 2012 to compare
the evolution of the markets and avoid potential endogeneity.
The HHI index is thus calculated for each hospital, considering
the market in which it is located.

We carried out sensitivity analysis with two other measures
of competition: (1) HHI based on actual hospital volumes
for breast surgery and volumes of any cancer surgery and (2)
the hospital count within the market area as an exogenous
measure of competition.® In regressions, HHI is introduced as
a categorical variable separating high/medium and low levels
of HHIM,

Hospital Quality

Our approach consisted in examining the likelihood of
providing innovative surgical procedures as a proxy of ‘process
quality’ at hospital level. This choice was guided by medical
literature*»* and approved by breast cancer surgeons with
whom we collaborated. We identified two surgical procedures
which are considered as better treatment options for women
diagnosed with early breast cancer (patients’ characteristics
being equal): sentinel lymph node biopsy (SLNB) and
immediate breast reconstruction (IBR) after mastectomy.*
SLNB is used to diagnose/stage cancer to decide whether
or not axillary lymph node dissection is required. It consists
of identifying and removing only one (sentinel) lymph
node during the surgery instead of systematically removing
all the lymph nodes from under the arm (the traditional
method). SLNB is a more recent and less invasive technique
than the traditional dissection which has serious potential
side effects,””*® but it was not always offered in hospitals in
the period studied. Immediate reconstruction of breast can
be performed safely at the time of mastectomy®; this avoids
further surgery, and may decrease the negative emotional and

physiological consequences of the mastectomy for patients.***!
Clearly, not all breast cancer patients are concerned by these
two procedures but controlling for patient characteristics,
previous studies have shown significant variations in practice
among hospitals for these procedures.’***

For each procedure, we define a target population: for SLNB,
the target population includes women undergoing either
breast conserving surgery or mastectomy (surgery for delayed
breast reconstruction were excluded); for IBR, the sample
(denominator) was women who underwent mastectomy.

Multilevel Models
We propose a multilevel modelling approach that allows
estimating the impact of market concentration on patient
treatment, controlling for other hospital characteristics
which may influence process quality. Multilevel models
based on patient-level data allow to exploit information about
the characteristics of individual patients clustered within
each hospital, rather than aggregated characteristics across
patients, and to make more robust inferences about the
variables of interest because standard errors are more precisely
estimated.’* Following a spatial competition framework, we
test if patients treated in hospitals in less concentrated markets
have higher propensity to receive interventions considered as
good practice using multilevel logistic models. Our quality
variables are measured at the patient level and binary (0/1).
Hence, we estimate the following logistic random effect
model:

L —
R* =B, +yX, +e, (4)

where the latent variable, R*, is the propensity to receive the
treatment considered (SLNB or IBR), for individualiin hospital
j,isafunction of both her observable individual characteristics
X,» (age, morbidity, income), a logistically distributed residual
error term capturing unobserved characteristics for patient
i in hospital j, e, and a hospital specific intercept . which
captures unobserved hospital characteristics. Across hospitals
intercepts are distributed with a mean 7, and a variance o. For
a given hospital, deviation from that average is explained by
the level of market competition in which hospital operates (C)
and other hospital characteristics (Z), plus an error term (w oj)
assumed to be normally distributed and with cov (woj,eij) =0.

ﬁoj=TO+A.C+(x.Z+w0j (5)

At the patient level, we control mainly for the age and
morbidity and cancer type. We use the Charlson comorbidity
index as a measure of health status of the patient” and
carcinoma in situ of the breast as a measure of cancer severity.
For SLNB, we control if the patient had total (versus partial)
mastectomy, as this may be an indication of more severe/
advanced tumour. For IBR, we control for total mastectomy
with axillary lymph node dissection which is practiced
if the tumour is advanced/diffused. We also control for
chemotherapy in the year of analysis (in that case immediate
reconstruction is not recommended). As these last variables
may also be influenced by hospital practice, we conducted
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sensitivity analysis with and without these control variables to
assure the robustness of the results. Finally, patients’ residence
area level income is used to proxy their socio-economic
situation. This may have an impact on patients’ preferences
but also on hospitals’ treatments. We constructed a categorical
variable (low/medium/high) based on the distribution of
household income across all postcodes and attributed an
income level to each patient using postcode area income.

At the hospital level (equation 5), beside market
concentration, we control for hospital volume, given the
ongoing centralisation of cancer care, and the hospital type.
Volume is introduced as a categorical variable using the
quartiles of the distribution of breast cancer admissions.
Major types of hospitals providing cancer care in France are
CH, CHR, private (for profit and not for profit) hospitals
and CLCC. CLCC are relatively small size private non-profit
entities specialized in cancer treatment. There are 20 cancer
centres distributed more or less homogenously (one in each
region) in France. Different types of hospitals have different
management rules and organisation styles which may have an
impact on quality.

Data

Theanalysisrelies on patientlevel datafrom the French National
Hospital Discharge Database (PMSI), a comprehensive
database for 2005 and 2012. This contains information on
patient’s demographics (age, sex, postcode), primary and
secondary diagnostics, procedures carried out and DRG for
all inpatient treatments delivered in all hospitals in France.
Our sample consists of all patients diagnosed with invasive
carcinoma of the breast (ICD-10: C50) or ductal carcinoma
in situ of the breast (DCIS, ICD-10: D05) who underwent
breast cancer surgery in 2005 or 2012. Hospitals with less
than five cases of breast cancer surgery were excluded in order
to reduce noise in our sample, and avoid over dispersion,
since these tend to be outliers. In order to identify hospitals
providing breast cancer surgery, their geographic location
and characteristics, we used the French Health Facility

Table 1. Patient Sample

Statistics (Statistique annuelle des établissements de santé,)
complemented with information from the French National
Cancer institute (Inca, Institut national du cancer) website.
Data on patient residential income were obtained from the
French National Institute of Statistics and Economic Studies
(Institut national de la statistique et des études économiques).
The distance between patients’ residence zip code and the
hospital zip code was measured by Odomatrix software using
distances by the road.

Tables 1 and 2 contain the summary statistics presenting
respectively patient and hospital samples. Patient level
variables used in the models are presented in Table S1 (see
Supplementary file 1). In 2005, out of the 54904 women
potentially concerned, 16.3% underwent SLNB. The number
of SLNB has tripled in 2012: almost one over two women with
breast cancer benefited from this procedure (49%). About
10% of women who underwent mastectomy benefited from
an IBR in 2005 against 12% in 2012. In 2005, 37% of the
patients were offered a SLNB in cancer centers against 9.4%
in private clinics and 8.6% in public hospitals. The practice
of SLNB became more common across all types of hospitals
in 2012. Cancer centers, followed by the private-non-profit
hospitals, have the highest rates of IBR in 2012.

As expected, with the introduction of volume thresholds,
the number of hospitals which performed breast cancer
surgery has declined significantly between 2005 and 2012,
from 803 to 526 (Table 2). Mostly private clinics and general
public hospitals with small activity volumes (under 50 cases
a year) were dropped from the market. In 2005, only 37% of
the hospitals offered the technique SLNB (at least one patient)
and 30% IBR, while these went up to 85% and 52% in 2012.

Results

Estimates of Hospital Choice and Market Concentration
Table 3 presents the estimations from the multinomial logit
models of choice for breast cancer patients. As expected,
patients have a preference for closer hospitals and the impact
of distance on hospital choice is significantly negative.

2005 2012 2005 2012
SLNB SLNB IBR IBR
Total % SLNB Total % SLNB Mastectomy % IBR Mastectomy % IBR

By hospital type
CH 9122 8.6 10644 42.3 2539 3.3 2909 4.7
CHR 5929 15.9 6495 51.0 1678 10.5 1769 14.2
CLcc 12693 36.8 15819 59.6 4011 14.8 4965 16.9
PL 25286 9.4 25739 45.3 6459 10.2 6211 9.8
PNL 1874 10.1 3553 37.4 479 4.8 853 15.9
By hospital volume
<21 2840 2.5 702 19.9 846 2.1 179 1.7
21-49 6190 4.3 4083 35.2 1673 3.2 1123 4.1
49-110 11611 9.0 9512 38.3 3046 6.6 2536 7.1
>110 34263 221 47953 52.2 9601 13.2 12869 13.6
Total 54904 16.3 62250 49 15166 10.1 16707 11.8

Abbreviations: IBR, immediate breast reconstruction; SLNB, sentinel lymph node biopsy; CH, public hospitals, CHR, regional teaching hospitals; CLCC, cancer

centres, PL, private for profit; PNL, private non-profit.
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Table 2. Hospital Sample

2005 2012
Number of Hospitals % Offering IBR % Offering SLNB Number of Hospitals % Offering IBR % Offering SLNB
CH 248 15 29 163 34 83
CHR 53 60 68 46 87 100
CLcC 20 100 100 20 100 100
PL 436 32 35 257 54 84
PNL 47 32 32 40 50 72
Total 804 30 37 526 52 85

Abbreviations: IBR, immediate breast reconstruction; SLNB, sentinel lymph node biopsy; CH, public hospitals, CHR, regional teaching hospitals; CLCC, cancer

centres, PL, private for profit; PNL, private non-profit.

Table 3. Parameter Estimates From Hospital Choice Model

Variables 2005 2012
Coefficient Standard Error Coefficient Standard Error

Distance -0.001"" (0.000) -0.001™" (0.000)
Number of beds -0.021"" (0.005) 0.114™" (0.003)
Closest hospital (ref = yes) 0.601"" (0.029) 0.596™" (0.025)
Closest x high income (ref):

Closest x low income -0.821™" (0.021) -0.697""" (0.019)
Closest x medium income -0.806™" (0.021) -0.814™" (0.022)
Closest x age <50 (ref):

Closest x age (50-59 years) -0.051" (0.024) -0.034 (0.022)
Closest x age (60-69 years) -0.040 (0.025) -0.130"" (0.025)
Closest x age (>70 years) -0.101™" (0.025) -0.151""" (0.022)
Hospital type (ref =CH):

CHR 0.494™" (0.036) 0.196™" (0.032)
cLee 0.026 (0.029) 0.299™" (0.025)
PL 0.129"" (0.026) 0.392"" (0.024)
PNL -0.344™" (0.047) 0.379™ (0.036)
N 54 904 62 250
Log-likelihood -291 741" -342 4117

Abbreviations: CH, public hospitals; CHR, regional teaching hospitals; CLCC, cancer centers; PL, private for profit; PNL, private non-profit.

* Significant at 10%; *** Significant at 1%.

Moreover, the impact of distance is conditioned on
patient’s residence income. Compared to patients living in
high-income areas, patients residing in low- and medium-
income municipalities, and older patients are less likely to go
to a hospital which is not the closest to their home. Larger
hospitals are more attractive in 2012, although this was not
the case in 2005. This may be because some big hospitals
could have very low breast cancer cases in 2005. Controlling
for size and distance, teaching hospitals and cancer centres
are more attractive than regular public hospitals, but patients
have a higher preference for private hospitals (both for profit
and non-profit)?.

Using the coefficients from Table 3, we have estimated
the potential volume for each hospital (propensity of being
selected) and calculated our competition measure. Figure
presents the Kernel density estimates of the distribution of the

negative natural logarithm of HHI (so that zero corresponds
to monopoly) at the hospital level for 2005 and 2012. There
has been a visible concentration in breast cancer surgery
market between 2005 and 2012. The figure shows a leftward
shift in the distribution of HHI, suggesting that in 2012 the
level of market competition faced by hospitals decreased for
most levels of HHI, especially on the edge of the distribution
pointing an increased number of hospitals with a very low
log-HHI index (close to monopolistic markets).

Multilevel Regression Results

Table 4 presents the odd ratios from the random effect logistic
models, giving the propensity of receiving IBR and SLNB
in 2005 and 2012. We present the estimations for each year
separately since it is easier to interpret these than the results
from the pooled models with the interactions terms. The first
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Figure. Kernel Density Estimates of the Distribution of Log (1/HHI) for Breast
Cancer. Abbreviation: HHI, Herfindahl-Hirschmann index.

model for each year controls for the patient characteristics,
hospital random effects and the concentration of the market
(in which hospital operates) measured as a non-linear
variable in three categories (high, medium, low). This is our
preferred variable as we suspect that the impact of HHI is not
linear (cf. sensitivity analysis), and as it is easier to interpret.
The second models introduce the hospital volume (of breast
cancer) and category as explanatory variables, controlling for
the market structure. We also tested the impact of hospital
volume and “type” separately, as these two are correlated, but
the coefficient change little. Therefore, only the final models
containing both variables are presented.

Overall, the results in Table 4 correspond to the expected
relationships between treatment likelihood and patient
characteristics. Across hospitals on average, the odds of
receiving IBR decreases with age and comorbidity (Charlson
index 1 or 2) and increases for less invasive cancers (carcinoma
in situ). Moreover, women with an axillary dissection during
mastectomy and those having chemotherapy in the year have
smaller propensity of having an IBR. ‘Age’ has less of an effect
on SLNB, but the odds of having this procedure are slightly
smaller for the oldest and the youngest patients, as well as
those with higher Charlson index, carcinoma in situ and
those who had total mastectomy.

We also note a significant income effect on the odds of
receiving these procedures: controlling for age and morbidity,
women living in lower income areas (bottom third) have
smaller odds of receiving an IBR. This may be linked to
the possibility of overbilling of esthetic surgery which can
be problematic even for those possessing a complementary
private insurance. Income is also a proxy of education level
which may influence the treatment decisions.* Income has a
smaller effect on SLNB although the coefficient is significant.

The results from the first models suggest that, controlling
for patient characteristics, the likelihood of receiving IBR
is significantly higher in the hospitals located in more
competitive markets both in 2005 and 2012. Models 2 show
that, controlling for market competition, the odds of receiving
IBR goes up significantly with the volume of breast cancer

surgery, with patients in hospitals performing more than
110 cases/year having the highest propensity. Moreover,
controlling for market competition and surgery volume,
the odds of having IBR was significantly smaller in general
public hospitals compared to all others. We further note that
in 2005, the impact (coefficients) of competition (HHI) is as
important as hospital type and volume. In 2012, the results are
very similar, but the impact of competition is significant only
for the top quartile (HHI <3000) and the coefficient is smaller
compared to those of hospital type and volume.

The results for SLNB are a bit different. First, we note
that while the propensity of receiving this procedure is also
higher in more competitive markets (against those in close to
monopolistic), the impact is higher in moderately competitive
markets (HHI from 3000 to 5000).

Also when we control for the hospital volume and type,
the competition does not have a significant impact in 2005
when this procedure was still novel. Patients had much higher
propensity to have SLNB in hospitals performing more than
110 breast cancer surgery per year, in cancer centers and in
teaching hospitals. In 2012, when this procedure become
more accustomed, the odds of receiving this procedure is still
higher in CLCC and in high-volume hospitals, but coefficients
get smaller (compared to patient characteristics). We also note
that, all else being equal, hospitals in moderately concentrated
markets (HHI 3000 to 5000) have higher rates of SLNB
compared to hospitals in other markets (HHI >5000 and HHI
<3000). This may suggest that while competitive pressure
can push hospitals to invest in this procedure, in highly
competitive markets consisting of many small providers this
investment may not be feasible for small hospitals.

Finally we note that in Table 4, hospital level variance
measured by intra-class coefficient and median odds ratio
remains significant even after controlling for hospital volume
and type. This may reflect the existence of other factors which
determines hospitals’ decision on investing in process quality,
including the financial situation of hospitals and utilization
of quality protocols, but also variations in surgeons’ practices
within hospitals which we cannot control with the available
data.

Sensitivity Analysis

We tested the robustness of these results using two other
measures of market competition: HHI based on the volume
of all hospitals providing cancer care (not specific to breast
cancer), and the hospital count within the market area
(providing breast cancer care). We estimated all the models
for separate years, but presented in Tables S2 and S3 the
results from the pooled data to be economical. The correlation
between different competition and quality measures are given
in Table S4. The results support largely those presented above.
The impact of competition measured by taking into account
all cancer hospitals and their volumes seems to be stronger
both for IBR and SLNB. This may suggest that hospitals feel
a competitive pressure from other cancer hospitals even
if they do not provide breast cancer surgery, and they may
be more proactive in specializing and investing in quality
or differentiating their services. The results with hospital
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Table 4. Determinants of Selected Cancer Treatments: Multilevel Regression Results

Immediate Breast Cancer Reconstruction

Sentinel Node Lymph Biopsy

2005 2012 2005 2012
(1) (2) (1) (2) (1) (2) (1) 2)
Intercept 0.001™" 0.001™" 0.004™" 0.003"" 0.000""" 0.002" 0.016™ 0.031™
Patient Variables
Age (ref 270):
<50 22.851"" 22.287"" 12.541°" 12.416 1.001 0.996 0.827"" 0.824™"
51-60 14.426™ 14.027°" 7.9417" 7.877" 1.113™ 1.107°" 0.995 0.993
61-70 6.883"" 6.740™" 4.255™" 4212 1.209°" 1.206™ 1.1517" 1.149™
Charlson index (ref >2):
0 1.799™ 1.828™ 1.895™ 1.912™ 1.470°" 14717 1.4927 1.4927
1 1.250 1.270 1.273 1.278"" 1.283™" 1.290™ 1.4027 1.404™
Carcinoma in situ (ref = yes):
No 0.318™" 0.323™" 0.373™" 0.377"" 3.380"" 3.387"" 3.781™ 3.785™
Total mastectomy with axillary node dissection (ref = yes):
No 3.438" 3.4217 5.924™" 5.930"" 5.888™" 5.894™" 7.279™ 7.286™
Chemotherapy (ref = yes):
No 2773 2.768™" 2.259™" 2.246
Residence area income (ref = High >66%):
Low (<33%) 0.714™ 0.720™" 0.868" 0.869"™ 0.905™ 0.908"™ 0.934™ 0.934™
Medium (33-66%) 0.932 0.931 1.006 1.000 0.944 0.943 0.989 0.988
Hospital Variables
Breast cancer volume (ref 2110):
<20 0.309™" 0.198"" 0.052"" 0.130™"
21-49 0.365™" 0.430™" 0.084""" 0.542"""
50-109 0.580" 0.815™" 0.375™ 0.590""
Hospital type (ref = CH):
CHR 2.662" 2.643™ 3.102™ 1.709
CLcC 4.019™ 3.034™ 17.184™" 2.563"
PL 1.498 2.565 1.374 0.763
PNL 2.382" 2.641 0.717 0.889
Competition ref = Low (HHI >5000):
Medium (HHI: 3000-5000 3.068"" 1.994™ 1.692™ 1.1277 3.815™ 1.534 2,529 1.779™
High (HHI <3000) 3.873™ 2.651"" 2.404™" 1.542 2,542 1.283 1.322° 0.949
N 15166 15 166 16 707 16 707 54 904 54 904 62 250 62 250
ICC 0.495 0.490 0.292 0.312 0.723 0.670 0.440 0.405
MOR 5.511 5.412 3.038 3.187 16.158 11.664 4.643 4.150

Abbreviations: CH, public hospitals CHR, regional teaching hospitals; CLCC, cancer centers; PL, private for profit; PNL, private non-profit; ICC, intra-class

coefficient; MOR, median odds ratio.
* Significant at 10%; ** Significant at 5%; *** Significant at 1%.

count suggest that, all else being equal, patients of hospitals
in markets with more than 8 breast cancer providers have
higher odds of receiving IBR compared to those with less
than 3 providers. Moreover, hospitals in mildly concentrated
markets (3 to 8 providers) have higher odds of providing
SLNB than others.

We also tested a linear form of the HHI measure (negative
natural logarithm of the HHI) and its square to see if the
relationship between quality and competition is linear (Table
S2). The coefficient of the quadratic term is not significant

for IBR and negative for SLNB. These results reinforce those
presented in Table 4 in that over-competition does not forcibly
improve quality.

Limitations

First, we should note that we use an administrative database
which has the advantage of covering all patients and hospitals,
but does not give any information on tumor characteristics or
staging data which are important determinants of treatment.
Therefore, our controls for cancer severity may be inadequate
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in explaining all of the variations in treatments across patients,
but it is unlikely that any omitted variable is correlated with
the HHI index. Also, both procedures are likely to be less
feasible for patients with complex cancer situations, but our
results show that in CLCC and teaching hospitals that usually
treat more complex patients, the rates are still higher.

Second, the discrete nature of market boundaries assume
that hospitals are either in or out of any local market. This
may lead to measurement error in geographic markets, which
in turn can bias the estimated effect of competition toward
zero. Nevertheless, the results from the sensitivity analysis
that tested different indexes based on all cancer surgery and
hospital counts are comforting.

Finally, we should note that our results cannot be
interpreted as the impact of the policy changes (yardstick
competition and volume thresholds) on quality. We used
cross sectional data for the years before and after the reforms
were implemented to have some insight into the change in
the relationship between quality and competition, but we
do not have a reference (control group) for establishing the
effects that are attributable to these reforms. Other exogenous
factors are likely to have an impact on hospital practice over
this period.

Discussion and Conclusion

The standard economic intuition about hospital competition
is that when hospitals are paid by regulated prices per patient,
they will increase the quality of their services in competitive
markets in order to attract patients. More recent theoretical
models have nuanced this affirmation, suggesting that the
predicted effect of competition on quality can be sensitive
to the assumptions about specific features of hospitals such
as altruistic motives, cost structures, profit constraints and
the degree of specialisation.” The role of competition in
improving care quality continues to be the subject of debate.*
There is a growing pressure for consolidation in hospital
markets because of the economic pressure for higher cost-
efficiency, but also because hospital volume is associated with
quality.

In France, the hospital market for cancer care became
more concentrated between 2005 and 2012 because of the
introduction of minimum volume regulations and activity-
based funding. The mean number of cancer patients treated
per hospital has doubled over this period (from 68 to 120) with
278 hospitals dropping out of the market. Therefore, in 2012,
30% of breast surgery was provided in hospitals operating
in highly concentrated markets (2 or less competitors in the
market) against 16% in 2005.

We investigated the impact of local market competition on
treatment of breast cancer surgery in France. In our analysis,
the quality is observable and measured by two procedures
considered to be better treatment options for women
diagnosed with early breast cancer: IBR after mastectomy,
and SLNB. IBR is a complex surgical procedure which
requires the intervention of two surgical teams together (a
breast surgeon for removing the cancer and a plastic surgeon
for reconstruction). While the intervention is complex, it is
attractive for top level surgeons and for patients who can more

easily discern the immediate benefits of the operation. SLNB
on the other hand is a less invasive diagnostic procedure,
compared to traditional resection, it is more difficult for the
patient to understand the options and express a demand for
this procedure.

Three key findings emerge from our study. First our results
suggest that local market competition may be a trigger for
hospitals to invest in novel and better treatment options,
hence to improve process quality. Controlling for patient
characteristics, the likelihood of receiving IBR and SLNB is
significantly higher in hospitals located in more competitive
markets. Yet, the impact of competition on quality seems
to vary by the quality measure. When quality is more easily
discernable by patients, the impact appears to be greater. This
supports the idea that for competition to work effectively
it is important to have meaningful quality measures easily
discernable by the patients.!”* At the same time, we note
that in all markets, no matter the level of competition, socio-
economic factors intervene in treatment decisions: women
living in low income areas have lower odds of receiving novel
procedures. This is consistent with the literature suggesting
that physicians can treat patients differently according to their
socio-economic status.*>*

Second, our results from the most fully specified models
show that controlling for patient characteristics and market
concentration, both hospital volume and type (general public,
private, cancer or teaching centre) are strong determinants
of process quality. Previous studies have largely shown
that centralisation of high-risk complex surgery in high-
volume hospitals can reduce mortality and re-admission
rates and improve patient outcomes.**** Our results support
these findings in suggesting that hospital volume is also an
important factor in the adoption of better/novel treatments.
Patients operated in hospitals treating higher numbers of
breast cancer patients have a higher propensity to receive
procedures considered as better/quality options.

Third, controlling for market concentration, hospital
volume, and patient characteristics, women treated in cancer
centres, that are relatively small specialised hospitals, and in
teaching hospitals, have much higher chances of receiving
these treatments. This suggests that different hospital types
have different practice styles. Therefore, hospital medical
culture is an important determinant of quality beyond other
observable characteristics. For example, in terms of breast
cancer management, medical literature suggests that in
settings where treatments are provided by multidisciplinary
teams involving surgeons, medical oncologists and radiation
therapists, the quality of breast cancer is better.”

These results suggest that finding the right balance between
costs and benefits of market competition versus concentration
of hospital care supply is complex. Hospital volume appears
to constitute an excellent leverage to improve care quality in
many domains. In this respect, the centralisation policy for
cancer care in France, with volume thresholds, appears to
contribute to the diffusion of “good practices” and to improve
overall care quality.

However, the concentration of activity in very large
hospitals is costly, has consequences on distances travelled,
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hence costs for patients, and on access to care. Moreover,
over-concentration of activity can generate harmful effects by
creating monopolistic markets. Our results also suggest that
hospitals functioning in close to monopolistic markets are
less willing to invest in novel procedures that improve care
process.

Overall, pooling these results together, it seems that some
competition in hospital markets is beneficial, but competition
amongst providers with very low activity volumes does not
lead to better quality and innovation in the market. The
volume of activity is not in itself the answer to improving the
quality of care but reflects differences in the management,
organisation and delivery of care which can be influenced by
other policies. An alternative policy to centralisation could
be creating hospital networks where low-volume hospitals
can benefit from the “know-how” of high-volume centres
when making treatment decisions. This study thus calls for
improving knowledge in new, alternative organisational
models.

Acknowledgements

Authors are indebted to Damien Bricard for his valuable help
and advice with the data analysis. They also thank Virginie
Mobillion for calculating hospitals locations and Gerard de
Pouvourville for his inspiring comments on earlier versions
of this work.

Ethical issues

The paper is based on data from medico-administrative databases providing
anonymous patient information. No patient was either contacted or informed
for this study. Under French law, this study does not require any form of ethics
approval.

Competing interests

ZO and JB reports grants from French Institute of Public Health Research,
during the conduct of the study. JB reports grants and personal fees from BMS,
personal fees from Astellas, outside the submitted work. ER and MT have
nothing to disclose.

Authors’ contributions

ZO contributed to the conceptualization, study design, data analysis and
interpretation, drafting and finalizing the manuscript. ER and MT contributed to
developing study methods, data analysis and first drafts of the manuscript, JB
contributed to the conceptualization and study design, interpretation of results,
critical revision of the final manuscript. All authors read, and approved the
submitted and revised versions.

Funding

This research was supported by the French Institute for Public Health Research
(IRESP) on the occasion of a call for proposals launched in 2012 alongside the
Plan Cancer 2009-2013. The funding source(s) had no involvement in study
design, in the collection, analysis and interpretation of data and in the writing
of this article.

Endnotes

[1] HHI calculated with market shares in percentages. Therefore the index
ranges from 0 to 10 000 (monopoly).

[2] As hospital size and type are correlated, we have also run the models
without controlling “number of beds.” In this case coefficients of CHR goes up
(big structures) and CLCC goes down (small in general) but this does not affect
significantly the overall estimates of utility competition measure.

Authors’ affiliations

'IRDES, Institut de Recherche et documentation en Economie de la Santé,
Paris, France. Z2Institut Gustave Roussy, Biostatistical and Epidemiological
Division, Paris, France. *Department of Biostatistics and Epidemiology, Institut

Gustave Roussy, University Paris-Saclay, Villejuif, France. *Oncostat (CESP
U1018 INSERM), Labeled Ligue Contre le Cancer, University Paris-Saclay,
Villejuif, France.

Supplementary files
Supplementary file 1 contains Tables S1-S4.

References

1.  Gravelle H, Santos R, Siciliani L. Does a hospital's quality
depend on the quality of other hospitals? a spatial econometrics
approach. Reg Sci Urban Econ. 2014;49:203-216. doi:10.1016/j.
regsciurbeco.2014.09.005

2. Gaynor M. What Do We Know About Competition and Quality in
Health Care Markets? National Bureau of Economic Research;
2006. http://www.bristol.ac.uk/media-library/sites/cmpo/migrated/
documents/wp151.pdf. Accessed September 8, 2020.

3. OECD. Competition in the Provision of Hospital Services. OECD
Journal of Competition Law and Policy. 2007;8(3):153-247.
doi:10.1787/clp-v8-art8-en

4, Brekke KR, Siciliani L, Straume OR. Hospital competition and
quality with regulated prices. Scand J Econ. 2011;113(2):444-469.
doi:10.1111/j.1467-9442.2011.01647 .x

5.  Kessler DP, McClellan MB. Is hospital competition socially wasteful?
Q J Econ. 2000;115(2):577-615. doi:10.1162/003355300554863

6. TayA. Assessing competition in hospital care markets: the importance
of accounting for quality differentiation. Rand J Econ. 2003;34(4):786-
814.

7. Vogt WB, Town R, Wiliams CH. How has hospital consolidation
affected the price and quality of hospital care? Synth Proj Res Synth
Rep. 2006;(9):15231.

8.  Cooper Z, Gibbons S, Jones S, McGuire A. Does Hospital Competition
Improve Efficiency? An Analysis of the Recent Market-Based Reforms
to the English NHS. London: Centre for Economic Performance;
2010. CEP Discussion Paper No 988. https://ideas.repec.org/p/cep/
cepdps/dp0988.html.

9.  Gozvrisankaran G, Town RJ. Competition, payers, and hospital
quality. Health Serv Res. 2003;38(6 Pt 1):1403-1421. doi:10.1111/
j.1475-6773.2003.00185.x

10. Mukamel DB, Zwanziger J, Tomaszewski KJ. HMO penetration,
competition, and risk-adjusted hospital mortality. Health Serv Res.
2001;36(6 Pt 1):1019-1035.

11.  Propper C, Burgess S, Green K. Does competition between hospitals
improve the quality of care?: Hospital death rates and the NHS
internal market. J Public Econ. 2004;88(7-8):1247-1272. doi:10.1016/
S0047-2727(02)00216-5

12.  Mutter RL, Wong HS, Goldfarb MG. The effects of hospital competition
on inpatient quality of care. Inquiry. 2008;45(3):263-279. doi:10.5034/
inquiryjrnl_45.03.263

13. Gaynor M, Moreno-Serra R, Propper C. Death by Market Power:
Reform, Competition and Patient Outcomes in the National Health
Service. National Bureau of Economic Research; 2010. NBER
Working Paper Series. 2010;16164. https://www.nber.org/papers/
w16164.pdf. Accessed September 8, 2020.

14. Hu J, Jordan J, Rubinfeld I, Schreiber M, Waterman B, Nerenz D.
Correlations Among Hospital Quality Measures: What “Hospital
Compare” Data Tell Us. Am J Med Qual. 2017;32(6):605-610.
doi:10.1177/1062860616684012

15. Profit J, Zupancic JA, Gould JB, et al. Correlation of neonatal
intensive care unit performance across multiple measures of
quality of care. JAMA Pediatr. 2013;167(1):47-54. doi:10.1001/
jamapediatrics.2013.418

16. Shleifer A. A theory of vyardstick competition. Rand J Econ.
1985;16(3):319-327.

17. Berta P, Martini G, Moscone F, Vittadini G. The association between
asymmetric information, hospital competition and quality of healthcare:
evidence from ltaly. J R Stat Soc Ser A Stat Soc. 2016;179(4):907-
926. doi:10.1111/rssa.12214

18. Gobillon L, Milcent C. Spatial disparities in hospital performance. J
Econ Geogr. 2013;13(6):1013-1040. doi:10.1093/jeg/Ibs065

19. Choné P, Evain F, Wilner L, Yilmaz E. Introducing Activity-Based
Payment in the Hospital Industry: Evidence from French Data. CESifo
Working Paper. 2013; No. 4304. http://hdl.handle.net/10419/77670.

468 | International Journal of Health Policy and Management, 2022, 11(4), 459-469


https://www.ijhpm.com/jufile?ar_sfile=44153
https://doi.org/10.1016/j.regsciurbeco.2014.09.005
https://doi.org/10.1016/j.regsciurbeco.2014.09.005
http://www.bristol.ac.uk/media-library/sites/cmpo/migrated/documents/wp151.pdf
http://www.bristol.ac.uk/media-library/sites/cmpo/migrated/documents/wp151.pdf
https://doi.org/10.1787/clp-v8-art8-en
https://doi.org/10.1111/j.1467-9442.2011.01647.x
https://doi.org/10.1162/003355300554863
https://ideas.repec.org/p/cep/cepdps/dp0988.html
https://ideas.repec.org/p/cep/cepdps/dp0988.html
https://doi.org/10.1111/j.1475-6773.2003.00185.x
https://doi.org/10.1111/j.1475-6773.2003.00185.x
https://doi.org/10.1016/S0047-2727(02)00216-5
https://doi.org/10.1016/S0047-2727(02)00216-5
https://doi.org/10.5034/inquiryjrnl_45.03.263
https://doi.org/10.5034/inquiryjrnl_45.03.263
https://www.nber.org/papers/w16164.pdf
https://www.nber.org/papers/w16164.pdf
https://doi.org/10.1177/1062860616684012
https://doi.org/10.1001/jamapediatrics.2013.418
https://doi.org/10.1001/jamapediatrics.2013.418
https://doi.org/10.1111/rssa.12214
https://doi.org/10.1093/jeg/lbs065
http://hdl.handle.net/10419/77670

Oretal

20.

21.

22.

23.

24.

25.

26.

27.

28.

29.

30.

31.

32.

33.

McFadden D. Conditional Logit Analysis of Qualitative Choice
Behaviour. Frontiers in Econometrics. 1973:105-142. https://eml.
berkeley.edu/reprints/mcfadden/zarembka.pdf. Accessed September
8, 2020.

McFadden D. Econometric models of probabilistic choice. In: Manski
CF, McFadden D, eds. Structural Analysis of Discrete Data with
Econometric Applications. Cambridge: The MIT Press; 1981.
Coldefy M, Com-Ruelle L, Lucas-Gabrielli V. Travel Distances
and Travel Times to Nearest Health Care in Metropolitan France.
Questions d’économie de la santé n°164. IRDES; 2011. https://www.
irdes.fr/EspaceAnglais/Publications/IrdesPublications/QES164.pdf.
Accessed September 8, 2020.

Brutel C. Un maillage du territoire francais. Insee Premiére; 2011.
No 1333. https://www.insee.fr/fr/statistiques/1280952. Accessed
September 8, 2020.

Karaca-Mandic P, Town RJ, Wilcock A. The effect of physician and
hospital market structure on medical technology diffusion. Health Serv
Res. 2017;52(2):579-598. doi:10.1111/1475-6773.12506

Aggarwal A, Lewis D, Mason M, Purushotham A, Sullivan R, van
der Meulen J. Effect of patient choice and hospital competition on
service configuration and technology adoption within cancer surgery:
a national, population-based study. Lancet Oncol. 2017;18(11):1445-
1453. doi:10.1016/s1470-2045(17)30572-7

Rococo E, Mazouni C, Or Z, Mobillion V, Koon Sun Pat M, Bonastre
J. Variation in rates of breast cancer surgery: a national analysis
based on French Hospital Episode Statistics. Eur J Surg Oncol.
2016;42(1):51-58.  doi:10.1016/j.ejs0.2015.09.020

Lyman GH, Temin S, Edge SB, et al. Sentinel lymph node biopsy for
patients with early-stage breast cancer: American Society of Clinical
Oncology clinical practice guideline update. J Clin Oncol. 2014;
32(13):1365-1383.  doi:10.1200/jco.2013.54.1177

Surgical guidelines for the management of breast cancer. Eur J Surg
Oncol. 2009;35 Suppl 1:1-22. doi:10.1016/j.ejs0.2009.01.008
Reuben BC, Manwaring J, Neumayer LA. Recent trends and
predictors in immediate breast reconstruction after mastectomy in
the United States. Am J Surg. 2009;198(2):237-243. doi:10.1016/j.
amjsurg.2008.11.034

National Institute for Health and Care Excellence (NICE). Improving
Outcomes in Breast Cancer: Manual Update. London: NICE; 2002.
Harnett A, Smallwood J, Titshall V, Champion A. Diagnosis and
treatment of early breast cancer, including locally advanced disease-
-summary of NICE guidance. BMJ. 2009;338:b438. doi:10.1136/bm;.
b438

Jeevan R, Cromwell DA, Browne JP, et al. Regional variation in use of
immediate breast reconstruction after mastectomy for breast cancer
in England. Eur J Surg Oncol. 2010;36(8):750-755. doi:10.1016/j.
€js0.2010.06.008

van Steenbergen LN, van de Poll-Franse LV, Wouters MW, et al.
Variation in management of early breast cancer in the Netherlands,
2003-2006. Eur J Surg Oncol. 2010;36 Suppl 1:536-43. doi:10.1016/j.
€js0.2010.06.021

34.

35.

36.

37.

38.

39.

40.

41.

42.

43.

44.

45.

46.

47.

Zhong T, Fernandes KA, Saskin R, et al. Barriers to immediate breast
reconstruction in the Canadian universal health care system. J Clin
Oncol. 2014;32(20):2133-2141. doi:10.1200/jc0.2013.53.0774

Rice N, Leyland A. Multlevel models: applications to
health data. J Health Serv Res Policy. 1996;1(3):154-164.
doi:10.1177/135581969600100307

Carey K. A multilevel modelling approach to analysis of patient
costs under managed care. Health Econ. 2000;9(5):435-446.
doi:10.1002/1099-1050(200007)9:5<435::aid-hec523>3.0.co;2-z
Quan H, Li B, Couris CM, et al. Updating and validating the Charlson
comorbidity index and score for risk adjustment in hospital discharge
abstracts using data from 6 countries. Am J Epidemiol. 2011;
173(6):676-682. doi:10.1093/aje/kwq433

McVea KL, Minier WC, Johnson Palensky JE. Low-income women
with early-stage breast cancer: physician and patient decision-making
styles. Psychooncology. 2001;10(2):137-146. doi:10.1002/pon.503
Brekke KR, Gravelle H, Siciliani L, Straume OR. Hospital Quality
Competition: A Review of the Theoretical Litterature. In: Dormont B,
Milcent C, eds. Competition Between Hospitals: Does it Affect Quality
of Care? Paris: Editions Rue d’'UIm; 2018:25-67.

Bevan G, Skellern M. Does competition between hospitals improve
clinical quality? a review of evidence from two eras of competition in
the English NHS. BMJ. 2011;343:d6470. doi:10.1136/bm;j.d6470
Varkevisser M, van der Geest SA, Schut FT. Do patients choose
hospitals with high quality ratings? Empirical evidence from the market
for angioplasty in the Netherlands. J Health Econ. 2012;31(2):371-
378. doi:10.1016/j.jhealeco.2012.02.001

Brekke KR, Holmas TH, Monstad K, Straume OR. Socio-economic
status and physicians’ treatment decisions. Health Econ. 2018;
27(3):e77-e89. doi:10.1002/hec.3621

Maliski SL, Kwan L, Krupski T, Fink A, Orecklin JR, Litwin MS.
Confidence in the ability to communicate with physicians among low-
income patients with prostate cancer. Urology. 2004;64(2):329-334.
doi:10.1016/j.urology.2004.03.042

Birkmeyer JD, Siewers AE, Finlayson EV, et al. Hospital volume
and surgical mortality in the United States. N Engl J Med. 2002;
346(15):1128-1137. doi:10.1056/NEJMsa012337

Chappel AR, Zuckerman RS, Finlayson SR. Small rural hospitals
and high-risk operations: how would regionalization affect surgical
volume and hospital revenue? J Am Coll Surg. 2006;203(5):599-604.
doi:10.1016/j.jamcollsurg.2006.07.009

Or Z, Renaud T. Volume d’activité et résultats des soins en France:
une analyse multiniveaux des données hospitalieres. Rapport de
I'IRDES. 2009. https://www.irdes.fr/Publications/Rapports2009/
rap1777.pdf. Accessed September 8, 2020.

Pons-Tostivint E, Daubisse-Marliac L, Grosclaude P, et al.
Multidisciplinary team meeting and EUSOMA quality indicators in
breast cancer care: a French regional multicenter study. Breast.
2019;46:170-177. doi:10.1016/j.breast.2019.06.001

International Journal of Health Policy and Management, 2022, 11(4), 459-469

| 469


https://eml.berkeley.edu/reprints/mcfadden/zarembka.pdf
https://eml.berkeley.edu/reprints/mcfadden/zarembka.pdf
https://www.irdes.fr/EspaceAnglais/Publications/IrdesPublications/QES164.pdf
https://www.irdes.fr/EspaceAnglais/Publications/IrdesPublications/QES164.pdf
https://www.insee.fr/fr/statistiques/1280952
https://doi.org/10.1111/1475-6773.12506
https://doi.org/10.1016/s1470-2045(17)30572-7
https://doi.org/10.1016/j.ejso.2015.09.020
https://doi.org/10.1200/jco.2013.54.1177
https://doi.org/10.1016/j.ejso.2009.01.008
https://doi.org/10.1016/j.amjsurg.2008.11.034
https://doi.org/10.1016/j.amjsurg.2008.11.034
https://doi.org/10.1136/bmj.b438
https://doi.org/10.1136/bmj.b438
https://doi.org/10.1016/j.ejso.2010.06.008
https://doi.org/10.1016/j.ejso.2010.06.008
https://doi.org/10.1016/j.ejso.2010.06.021
https://doi.org/10.1016/j.ejso.2010.06.021
https://doi.org/10.1200/jco.2013.53.0774
https://doi.org/10.1177/135581969600100307
https://doi.org/10.1002/1099-1050(200007)9:5%3c435::aid-hec523%3e3.0.co;2-z
https://doi.org/10.1093/aje/kwq433
https://doi.org/10.1002/pon.503
https://doi.org/10.1136/bmj.d6470
https://doi.org/10.1016/j.jhealeco.2012.02.001
https://doi.org/10.1002/hec.3621
https://doi.org/10.1016/j.urology.2004.03.042
https://doi.org/10.1056/NEJMsa012337
https://doi.org/10.1016/j.jamcollsurg.2006.07.009
https://www.irdes.fr/Publications/Rapports2009/rap1777.pdf
https://www.irdes.fr/Publications/Rapports2009/rap1777.pdf
https://doi.org/10.1016/j.breast.2019.06.001

